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Abstract 
With the rapid growing of Internet usage, inappropriate materials (e.g. porn, drug, 

violence et al.) had been flooded on the Web. The open characteristic of the Web allows 
users to access almost any type of such inappropriate materials, consequently having 
various negative effects on the users, particularly on the children. Thus, web content rating 
and filtering mechanism is a worthy and pressing issue. This study proposes a chi-square 
based statistics method for classifying pornographic materials. Given a web page, its 
textual content is first split into a list of tokens, along a porn tendency weight for each 
token. The proposed method then calculates an indicator value (I-value) for the web page 
by combining the tokens’ porn tendency weights through properties of chi-square 
distribution.  The resulting I-value is used to classify the given web page into one of three 
categories, Porn, Unsure and Non-Porn. The web pages in the Porn Category are finally 
collected into a black list. Currently, the proposed method can classify English and 
Chinese Web pages.  Experimental results indicate that the proposed method can detect 
pornographic web content at a superior precision rate along with a very low false positive 
rate. 

Key words: Web Content Rating, Pornographic Black List, Inappropriate Web Content 
Filtering, Chi-Square Distribution 
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