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Abstract 
In term of stock market analysis, two schools are developed to analyze stock price by 

using either fundamental analysis or technical analysis. The major goal of fundamental 
analysis is to pick the right stocks to invest on. While technical analysis can be applied to 
provide price-and-volume relationship or indexes information for decision making when to 
trade stocks. To make profit from stock market, one must have capability to pick the right 
stocks and to know when to buy or sell them. In this research we applied genetic 
programming along with a machine learning methodology as technical analysis tool and 
used price-and-volume relationship as predicting parameter. By taking advantage of 
searching and optimizing capacities of genetic programming, a prediction model was 
developed using archive price and volume data for training individual stock. The 
prediction model generated trading rules. These rules were applied to detect timing for 
trading. 

Keywords: Technical Analysis, Genetic Programming, Price-and-Volume Relationship, 
Machine Learning 
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